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This research attempted to analyse the changes in consumer behaviour that have taken place as a result 

of fashion products purchased through online. Developing fashion involvement (FI), hedonic shopping 

value (HSV), and sales promotion (SP) as independent factors, positive emotions (PE) as mediating 

variable, and impulse buying (IB) as a dependent variable, the conceptual model was built using stimulus 

organism response (S-O-R) theory. 374 respondents from the Bengaluru city were collected and data 

was analysed using PLS-SEM 3 programme. The study results a significant impact of HSV and PE on IB 

and negative impact of FI and SP on IB. 
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1. Introduction  
The most popular clothing or lifestyle at any particular moment is referred to as fashion, and it changes 

throughout time. According to Shakespeare, "The fashion wears out more obviously than a man. Previously, 

fashion was seen to be a game for the wealthy, but today it is also for regular people, which is why the global 

fashion industry's income has increased significantly over the past decade, particularly in the garment sectors. 

Retail sales significantly increased as a result of the different sources of credit and the exponential expansion 

in income clearing the way for them (Chi & Chen, 2019). 

Unexpected behaviour significantly affected the motivations and feelings of clients making purchases. For 

the first time, researchers recognised or identified impulsive buying behaviour in 1940, which was followed 

by more investigation. Impulse buying (IB) is a topic of great interest due to the fact that it influences 40% 

to 80% of purchasing choices (Amos et al., 2014). This behaviour is classified as IB because it displays a lack 

of judgement and unplanned behaviour. After being given an irresistible and persuasive stimulus, the 

customer purchases the item without second thought (Atulkar & Kesari, 2017). 
According to the research by Amos (2014) Impulsive people often worry less about the consequences and 

are more likely to succumb to the impulse to make impulsive, speedy, and unplanned purchases again.  
Chi & Chen (2019) revealed that when customers buy, impulse buying is placing a very important role in 

the mind-set of the customer and emotions of the customers also have an important role when they buy. 
During pandemic situations, the behaviour customers have been changed drastically as many of them have 
lost their jobs and deductions in their salary. 

The breakouts in the country because of pandemic have significantly disrupted consumer purchasing, 
consumption, and social interactions (Kim, 2020). Due to the current situation, people are shifting to online 
shopping, which raises the danger of making impulsive consumptions. During the pandemic time the 
customers were more depending on the online purchases than offline purchase but post covid-19 drastically 
changed into offline purchases. At the time of COVID-19, buyers get worried due to unacknowledged 
influences of ambiguous conditions, which lead to impulsive purchases. 
 

2. Theoretical Background 
According to Law et al. (2012), the customers feel happy when they purchase certain products without any 

plan as because of impulse buying. The consumer emotions are very important at the time purchase as 

suggested by S-O-R model. (Chang et al., 2014).Contrarily, as businesses regularly use outside cues that 

might encourage customers to make future purchases, impulse buying is usually influenced by the purchaser's 

happiness when they buy a product.(Arnold&Reynolds,2012). 

 

 
Source: Authors Conceptual Model 
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3. Research Methodology 
Apparel buyers from Bengaluru City participated in the survey, and a total of 569 respondents were utilised 

for further analysis. The survey tool has been created to make it simpler for respondents to comprehend and 

react appropriately. The questionnaire was divided into two sections: one asked for information on the basic 

information about the consumers and the other asked for statements the 7-point Likert’s scale questionnaires 

have been incorporated and the different components for the study are FI, HSV, SP, PE and IB.  

 

4. Results & Discussion  
Table 1 Demographic Variables 

Age Group Male Female Total 

20–24 73 92 153 

25–29 34 45 68 

30–34 32 42 63 

35–40 25 31 63 

Total 164 210 374 

Source: The authors.    

 
Table 2 Standard Criteria for Reflective Model Performance and Evaluations of Discriminant Validity (Fornell and Larcker 

Criteria 1981) 

Constructs and  

Standard Criteria FI HSV IB PE SP 

Cronbach’s alpha 0.887 0.912 0.77 0.948 0.901 

Rho A 0.932 0.883 0.734 0.927 0.831 

Composite reliability 0.853 0.923 0.853 0.952 0.898 

AVE 0.778 0.686 0.632 0.786 0.724 

FI 0.901     

HSV 0.501 0.79    

IB 0.301 0.31 0.79   

PE 0.399 0.411 0.299 0.901  

SP 0.50 0.701 0.210 0.410 0.921 

Source: The authors.      

 

The underlying variables Cronbach’s alpha values are SP is 0.901, FI = 0.887, HSV = 0.912, PE = 0.948, 

and IB = 0.77, all of which are over the threshold value. Due to the fact that all of the constructs have values 

that are higher than the 0.7 threshold limit (Hair et al., 2017), all of the paradigms have a great level of 

fundamental stability. For instance, SP, FI, HSV, PE, and IB have corresponding composite reliability scores 

of 0.898, 0.853, 0.923, and 0.853. 

According to Hair et al. (2019), the Rho threshold value limit is 0.7, while the Rho A values for SP, FI, 

HSV, PE, and IB are 0.883, 0.932, 0.721, 0.927, and 0.734, respectively. All Rho A values exceed the minimal 

standards. In the end, Fornell and Larcker, AVE values above the stated limit of 0.50, and Hair et al. (2019) 

demonstrated the convergent validity (1981). The latent variable AVE values for SP, FI, HSV, PE, and IB 

are 0.724, 0.778, 0.686, 0.786, and 0.632 respectively. 

 

Structural Model Equation 
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A bootstrapping procedure using 374 sample respondents’ was used to produce the direct effect result using 

PLS-SEM. As recommended by (Hair et al., 2014). The PLS-SEM bootstrapping procedure determines the 

path coefficient and t-value. There is no intervening effect if the direct impact is not substantial in the absence 

of a mediating variable. When the direct influence is large on either side, the second stage involved more 

study. After proving the importance of the direct link between the constructs, the mediator's indirect influence 

is also analysed. If indirect effects are determined to be minor at the bootstrapping process's overall stage, 

there is no mediating factor. 

 

5. Conclusion 
The fashion sector includes a wide range of products in the categories of clothing, accessories, footwear, and 

cosmetics. This study used a variety of measures, including FI, HSV, SP, PE, and IB, to assess consumer 

purchase behaviour using fashion clothes. Finding fashionable IB behaviour at Post COVID-19 was the major 

objective. Furthermore, PLS-SEM software was employed for analysis during testing and installation. The 

findings suggest that consumer purchasing behaviour, PE, and IB have a significant influence because they 

encourage impulsive buying. 

The findings show a substantial relationship between FI, HSV, and SP and happy feelings. However, both 

FI and SP were shown to be unimportant with IB since at that time, individuals were primarily concerned 

with meeting their most basic needs because they were so terrified of the COVID-19 scenario. The 

independent variables (FI, HSP, and SP) and dependent variable, on the other hand, are significantly mediated 

by PE (IB). 

 

6. References  
1. Bakshi, T., & Bhattacharyya, A. (2021). Socially distanced or socially connected? well- being through 

ICT usage among the Indian elderly during COVID-19. Millennial Asia. 

http://doi.org/10.1177/0976399621989910 

2. Bhattarai, G., & Subedi, B. (2021). Impact of COVID-19 on FDIs, remittances and foreign aids: A case 

study of Nepal. Millennial Asia. http://doi.org/10.1177/0976399620974202  

3. Chang, H. J., Yan, R. N., & Eckman, M. (2014). Moderating effects of situational char- act eristics on 

impulse buying. International Journal of Retail and Distribution Management, 42(4), 298–314. 

4. Chee, S. Y. (2020). COVID-19 pandemic: The lived experiences of older adults in aged care homes. 

Millennial Asia, 11(3), 299–317. http://doi.org/10.1177/0976399620958326 

5. Chi, T., & Chen, Y. (2019). A study of lifestyle fashion retailing in China. Marketing Intelligence and 

Planning, 38(1), 46–60. https://doi.org/10.1108/MIP-01-2019-0025 

6. Dhall, R., & Singh, B. (2020). The COVID-19 pandemic and herding behaviour: Evidence from India’s 

stock market. Millennial Asia, 11(3), 366–390. http://doi.org/ 10.1177/0976399620964635 

7. Dhurup, M. (2014). Impulsive fashion apparel consumption: The role of hedonism, fashion involvement 

and emotional gratification in fashion apparel impulsive buying behavour in a developing country. 

Journal of Social Sciences, 5(8), 168. 

8. Fornell, C., & Lacker, D. F. (1981). Evaluation structural equation models with unobserved variables 

and measurement error. Journal of Marketing Research, 18(1), 39–50. 

9. Gold, A. H., Malhotra, A., & Segars, A. H. (2001). Knowledge management: An organizational 

capabilities perspective. Journal of Management Information Systems, 18(1), 185–214. 

10. Hair, J., Hollingsworth, C. L., Randolph, A. B., & Chong, A. Y. L. (2017). An updated and expanded 

assessment of PLS-SEM in information systems research. Industrial Management and Data Systems, 

117(3), 442–458. https://doi.org/10.1108/IMDS-04- 2016-0130 

11. Hair, J. F., Jr., Sarstedt, M., Ringle, C. M., & Gudergan, S. P. (2018). Advanced issues in partial least 

squares structural equation modeling (PLS-SEM). SAGE Publications. 

12. Hair, J. F., Jr., Sarstedt, M., & Ringle, C. M. (2019). Rethinking some of the rethinking of partial least 

squares. European Journal of Marketing, 53(4), 566–584. 

13. Amos, C., Holmes, G. R., & Keneson, W. C. (2014). A meta-analysis of consumer impulse buying. 

Journal of Retailing and Consumer Services, 21(2), 86–97. 

14. Alimpic, S., Peric, N., & Mamula, T. (2020). Impact of certain sales promotion tools on consumers’ 

impulse buying behavior. Journal of Applied Economic Sciences, 15(1(67)), 45–56. 

15. Arnold, M. J., & Reynolds, K. E. (2012). Approach and avoidance motivations: Investigating hedonic 

consumption in a retail setting. Journal of Retailing, 88(3), 399–411. 

16. Atulkar, S., & Kesari, B. (2017). Impulse buying: A consumer trait prospective in context of central 

India. Global Business Review, 19(2), 477–493. 

17. Atulkar, S., & Kesari, B. (2018). Role of consumer traits and situational factors on impulse buying: Does 

gender matter? International Journal of Retail and Distribution Management, 46(4), 386–405. 



Twentieth AIMS International Conference on Management  1157 

 

18. Hair, J. F., Jr, Howard, M., & Nitzl, C. (2020). Assessing measurement model quality in PLS-SEM using 

confirmatory composite analysis. Journal of Business Research, 109, 101–110. 

19. Henseler, J. (2017). Bridging design and behavioral research with variance-based structural equation 

modeling. Journal of Advertising, 46(1), 178–192. https://doi.org/10.10 80/00913367.2017.1281780 

20. Henseler, J., Ringle, C. M., & Sarstedt, M. (2015). A new criterion for assessing discriminant validity in 

variance-based structural equation modeling. Journal of the Academy of Marketing Science, 43(1), 115–

135. 

21. Henseler, J., Hubona, G. S., & Ray, P. A. (2016). Using PLS path modeling in new tech- nology research: 

Updated guidelines. Industrial Management and Data Systems, 116, 1–19. 

22. Kacen, J. J., Hess, D. J., & Walker, D. (2012). Spontaneous selection: The influence of product and 

retailing factors on consumer impulse purchases. Journal of Retailing and Consumer Services, 19(6), 

578–588. 

23. Kedia, S., Pandey, R., & Sinha, R. (2020). Shaping the post-COVID-19 development para- digm in India: 

Some imperatives for greening the economic recovery. Millennial Asia, 11(3), 268–298. 

http://doi.org/10.1177/0976399620958509 

24. Kim, J. (2020). Impact of the perceived threat of COVID-19 on variety-seeking. 

25. Australasian Marketing Journal (AMJ). http://doi.org/10.1016/j.ausmj.2020.07.001 Kim, H., Damhorst, 

M. L., & Lee, K. (2002). Apparel involvement and advertisement processing: A model. Journal of 

Fashion Marketing and Management, 6(3), 277–302. https://doi.org/10.1108/13612020210441364 

26. Kumari, M., & Bharti, N. (2021). Linkages between trade facilitation and govern- ance: Relevance for 

post-COVID-19 trade strategy. Millennial Asia. http://doi. org/10.1177/0976399620972346 

27. Law, D., Wong, C., & Yip, J. (2012). How does visual merchandising affect consumer affective 

response? European Journal of Marketing. https://doi.org/10.1108/03090 561211189266 

28. Moorthy, K., Salleh, N. M. Z. N., Jie, A. X., Yi, C. S., Wei, L. S., Bing, L. Y., & Ying, Y. 

29. Z. (2021). Use of social media in planning domestic holidays: A study on Malaysian millennials. 

Millennial Asia, 12(1), 35–56. http://doi.org/10.1177/0976399620938503 Müller, T., Schuberth, F., & 

Henseler, J. (2018). PLS path modelling—A confirmatory approach to study tourism technology and 

tourist behavior. Journal of Hospitality and Tourism Technology, 9(3), 249–266. 

30. Panikkassery, A. S. (2020). Impact of out of pocket health expenditure on consumption pattern of below 

poverty line households in India. Millennial Asia, 11(1), 27–53. http:// 

doi.org/10.1177/0976399619900608 

 


